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Linear Dimensionality Reduction

     Principal component direction      Principal component scores



Linear Dimensionality Reduction (2)

     Principal component scores     Principal component direction
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Non-linear PCA
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Kernel PCA

● Gaussian kernel
● σ² determined by quantiles 

of the distances



Kernel PCA

● Gaussian kernel
● σ² determined by quantiles 

of the distances
● Standardised
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Sammon Nonlinear Mapping

(a)
(b)
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